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Abstract ‘
In this paper, we present a stochastic language model using dependency and report a result of speech recognition
and systactic analysis. This model considers a sentence as a word sequence and predicts each word from left to
right. The history at each step of prediction is a sequence of partial parse trees covering the preceding words.
First our model predicts the partial parse trees which have a dependency relation with the next word and then
predicts the next word from those trees. In our experiment, we compared two methods: a seamless combination
of the speech recognition module and the parser, and a cascade combination. The result tells us that the accuracy

by the seamless combination is more accurate than the cascade combination.
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